
Hao Chen1, Chenyuan Qu1, Yu Zhang2, Chen Chen3, Jianbo Jiao1

Multi-view Self-supervised Disentanglement for General Image Denoising

Motivation

Overview

Performance

https://arxiv.org/abs/2309.05049 https://chqwer2.github.io/MeD/

Existing Methods

References

PSNR/ SSIM

Ground Truth

31.38/ 0.8912
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Noisy Image from SIDD (ISO800)
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N2S [4]

26.58/ 0.4257

R2R [5]

25.91/ 0.3795

LIR [6]

33.07/0.8849

MeD (Ours)
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Generalisation to real-world noise
All the methods are trained with Noise Pool on DIV2K
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Noise Pool on CBSD68
All the methods are trained with randomly drawn noise from the Noise Pool
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